
846 

Pegem Journal of Education and Instruction, ISSN 2146-0655 

 

                                                                                                                                                                                                                        

 

Pegem Journal of Education and Instruction, Vol. 15, No. 4 , 2025 (pp. 846-860) 
 

From Classrooms to Codes: Measuring the Perceptions of School 

Administrators and Teachers Towards Artificial Intelligence 

MUSTAFA TAKTAK 

mtaktak@gelisim.edu.tr 

ABSTRACT 

Technology is not just a tool, but a reflection of the relationship that humans establish with the knowledge they 

produce. In this context, a scale was created to measure educators’ perception of artificial intelligence in Turkey 

and validity and reliability analyses were conducted. The research was conducted with three independent sample 

groups. In the first stage, the 12-item draft scale was applied to 233 participants and reduced to 8 items1 as a result 

of EFA. In the second stage, the scale was applied to 153 participants and CFA was performed, confirming a one-

dimensional structure, and acceptable fit indices were reached. In the third stage, the temporal stability and 

criterion validity of the scale were evaluated with 48 participants using the test-retest method. The reliability of 

the scale was determined by Cronbach’s Alpha coefficient being 0.62 and KMO value being 0.90. Additionally, 

various statistical analyses, including item-total correlation, item-residual analysis, and test-retest correlation 

analysis, were conducted to ensure the validity and reliability of the scale. 
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Introduction 

The concept of artificial intelligence (AI) 

was first introduced to the literature by John 

McCarthy in 1956. The Turing test 

developed by Alan Turing in the 1950s is 

considered as an important turning point in 

the field of AI (Arslan, 2020). The Turing 

test is a measurement tool developed to 

determine whether a machine has cognitive 

competence like humans (Muggleton, 

2014). Over time, concepts such as "expert 

systems", "machine learning", "data 

mining" and "deep learning" have 

revolutionised AI research ((Coppin, 2004). 

The popularity of artificial intelligence has 

gained a great momentum with the 

introduction of AI applications such as 

ChatGPT developed by OpenAI. ChatGPT 

is a chatbot that compiles information from 

the Internet and provides users with logical 

and satisfying answers (Lo, 2023). Thanks 

to its ability to make logical predictions and 

 
1 Scale items were given at the end of the study 

quickly adapt to different languages and 

experiences, ChatGPT-like applications 

have been widely used in various fields 

(Akiba & Fraboni, 2023). It has assumed an 

important role especially in sectors such as 

health, finance, education, communication 

and transport (Taktak et al., 2024). 

However, the impact of artificial 

intelligence in education is still in its 

infancy compared to other fields (Singh & 

Thakur, 2024; Langran et al., 2020). 
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Artificial intelligence is a rapidly 

developing discipline that has the potential 

to provide innovative solutions to the 

problems of societies in different fields. 

Thanks to this potential, AI is used in many 

fields today, facilitating and improving 

human life (Qin et al., 2020). Artificial 

intelligence is defined as the ability to solve 

problems by imitating the thinking and 

learning functions of the human brain 

(Russell & Norvig, 2010). Nabiyev (2016) 

defines this ability as the capacity of 

machines to fulfil human-specific cognitive 

functions. Obschonka and Audretsch 

(2020) define artificial intelligence as 

humanoid intelligence exhibited by 

machines. These definitions show that 

artificial intelligence gives machines the 

ability to perform basic tasks that require 

human intelligence such as reasoning, 

learning, perception and problem solving 

(Loos et al., 2023; Luckin et al., 2022). 

Artificial intelligence applications in 

education started in the 1970s with expert 

systems developed to facilitate learning 

(Jaakkola et al., 2019). There are various 

applications where data and logic-based 

artificial intelligence technologies are used 

in education (Roll & Wylie, 2016). 

Examples of such applications are dialogue-

based teaching systems, intelligent teaching 

systems, intelligent tutoring systems, and 

autonomous learning systems. There are 

also applications developed for providing 

meaningful experiences, accessing 

information effectively, and supporting 

students to learn at their own pace ((Ruiz-

Rojas et al., 2023; Nabiyev et al., 2020). 

These applications offer various advantages 

such as increasing students' academic 

achievement and reducing teachers' 

workload by making learning processes 

more effective, efficient and interesting 

through data analysis of student 

performance and behaviours (Ouyang & 

Jiao, 2021). In addition, it offers important 

benefits such as creating personalised 

learning environments according to the 

needs of individuals (Taktak et al., 2024), 

providing instant feedback and promoting 

comprehensive learning (Li et al., 2023), 

helping grading by automating objective 

assessment (Lo, 2023), improving students' 

language and writing skills (Jeon et al., 

2023), and providing more appropriate 

suggestions for career goals (Akiba & 

Fraboni, 2023). 

When educational artificial intelligence 

applications on a global scale are examined, 

it is seen that there are countries that have 

made these technologies an important part 

of their education systems. For example, 

Squirrel AI, based in China , provides 

educational services according to the 

individual differences of students, while the 

US-based adaptive artificial intelligence 

called Watson provides services according 

to the learning potential of students. 

Similarly, Third Space Learning in the UK 

and Sana Labs in Sweden are widely used. 

In Turkey, artificial intelligence education 

and training projects are carried out under 

the supervision of the Ministry of National 

Education. A study by Zawacki-Richter et 

al. (2019) shows that Turkey is the fourth 

country in the ranking of scientific studies 

on artificial intelligence in education. 

There are various artificial intelligence 

tools and platforms used for educational 

purposes worldwide. ChatGPT, Calscraft, 

Aleks, Copilot, Coursera, Quiziz and Utifen 

are some of these tools and platforms. 

However, studies reveal that AI 

applications for educational purposes are 

still in the development stage and need to be 

further sophisticated (Atteh, 2023; Guan et 
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al., 2020; Tang et al., 2021). Teachers are 

key determinants of how and when to use 

AI and at what stage of the learning process 

(Zawacki-Richter et al., 2019). Therefore, 

teachers are expected to assume critical 

roles for the effective use of AI in 

education. Teachers' perceptions towards 

the use of AI directly affect the quality of 

the current AI- supported curriculum and 

the thoughts and plans of decision makers 

(Kalafat, 2022). The concept of perception 

refers to the process of transferring the 

objective world to the subjective 

consciousness of the individual and giving 

meaning to the stimuli in the environment 

(Collins, 1967). According to the Turkish 

Language Association, perception is the 

process of becoming conscious of 

something by drawing attention to it. 

Teachers' perceptions about the use of 

artificial intelligence can provide important 

clues in the process of understanding, 

interpreting and managing artificial 

intelligence. Thus, it can enable the 

evaluation of AI applications from different 

perspectives, including ethical implications 

and potential effects on the learner and the 

teacher. In addition, it can help teachers to 

make more effective decisions and act more 

consciously by taking into account ethical 

consequences as well as learning and 

teaching perception in their decisions. 

 

Literature Review 

In the literature, many studies have been 

conducted to develop artificial intelligence 

(AI) scales and these studies have created 

various scales. For example, "General 

Attitudes towards Artificial Intelligence 

Scale" (Kaya et al., 2022; Schepman & 

Rodway, 2023), "Artificial Intelligence 

Attitude Scale" (Grassini, 2023; Jang et al., 

2022; Sindermann et al., 2021), "Threats of 

Artificial Intelligence Scale" (Kieslich et al, 

2021), "Productive AI Acceptance Scale" 

(Karaoğlan Yılmaz et al., 2023), "Artificial 

Intelligence Literacy Scale" (Wang et al., 

2023), "Artificial Intelligence Readiness 

Scale for Medical Students" (Karaca et al., 

2021) and "Artificial Intelligence Self-

Efficacy Scale" (Wang & Chuang, 2023) 

are some of these scales. In Turkey, it is 

seen that most of the studies on artificial 

intelligence in education in recent years 

have qualitative research designs and 

therefore mixed and efficient research is 

limited (Meço & Coştu, 2022). Studies 

generally focus on teachers' tendencies 

towards the use of artificial intelligence 

(Sanlı et al., 2023), pre-service teachers' 

awareness of artificial intelligence 

technologies (Çam et al., 2021; Ferikoğlu & 

Akgün, 2022), teachers' views on the use of 

artificial intelligence in schools (Özer et al., 

2023) and teachers' perspectives on the 

importance of artificial intelligence in 

education (Köse et al., 2023). These studies 

provide important contributions to the 

perceptions and applications of artificial 

intelligence in the field of education both in 

Turkey and internationally. Schleicher 

(2012) states that innovation in education 

does not only consist of technology 

integration, but also includes the 

transformation of teaching approaches so 

that students can compete on a global scale. 

In this context, examining teachers' 

perceptions of AI technologies can provide 

valuable data for the development and 

implementation of AI-supported curricula 

by contributing to the understanding and 

effective management of these technologies 

in the educational ecosystem. In addition, 

recognising teachers' perceptions towards 

AI will support understanding their interest 

and motivation towards technology, making 

their teaching processes more interesting 
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and equipping their students with 

knowledge and skills in line with the 

requirements of the age such as artificial 

intelligence. Analysing the perceptions of 

teachers, who are responsible for 

predicting, adopting and developing the 

future role of artificial intelligence in 

education, will be a critical data source in 

the process of integration and diffusion of 

this technology into education. Therefore, 

the need for a valid and reliable 

measurement tool to measure teachers' 

perceptions of artificial intelligence 

becomes evident. In this context, the current 

study focuses on determining the 

perceptions towards the use of artificial 

intelligence in education and includes 

validity and reliability analyses for the 

development of this measurement tool. 

Method 

Research model 

The main purpose of this study is to develop 

a Likert-type scale that can validly and 

reliably evaluate teachers' perceptions of 

the use of artificial intelligence in 

education. The study was conducted within 

the framework of survey design, which is a 

quantitative research method. Cohen and 

colleagues (2021) state that survey design is 

a frequently preferred method in the data 

collection process in order to identify 

certain characteristics of a group. 

 

Working Group 

Within the scope of the research, data were 

obtained from three different study groups. 

These groups consisted of school 

administrators and teachers working in 

public and private schools in Turkey in the 

2024-2025 academic year. In order to 

achieve reliable and valid results in the scale 

development process, it is stated that the 

number of individuals in the study group 

should be at least 10 times the number of 

items in the pre-application form of the 

scale (Kline, 2016). On the other hand, 

Cohen and colleagues (2021) stated that a 

sample size of 150 to 200 people is 

sufficient regardless of the number of 

variables. In this framework, data were 

collected from 233 participants for 

Exploratory Factor Analysis (EFA) and 153 

participants for Confirmatory Factor 

Analysis (CFA). In addition, for test-retest 

and criterion validity analyses, data were 

obtained from 48 school administrators and 

teachers who constituted the third study 

group. In order to perform exploratory and 

confirmatory factor analyses, this study was 

conducted in two different time intervals 

and on independent study groups. Detailed 

information about the study groups in the 

study is given in Table 1. 

Table 1. Demographic information on the study groups. 

Variable 
EFA   CFA 

  
Criterion validity 

& Test-retest 

F %   F %   F % 

Gender 
Woman 158 67.9  91 59.6   27 55.7 

Male 75 32.1  62 40.4   21 44.3 

Age 

25 years old and under 12 0.6  1 0.9   0 0 

26-35 years old 73 34.5  52 33.5   17 36.7 

36-45 years old 101 47.6  88 56.8   24 49.2 

46-55 years old 35 16.7  10 7.1   7 14.1 

Ages 56 and over 12 0.6  2 1.7   0 0 

Duty 
Executive 29 12.3  24 15.7   10 21 

Teacher 204 87.7  129 84.3   38 79 
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Field 

Kindergarten 51 22  27 18.1   0 0 

Primary school 13 5.4  32 21.3   18 38.1 

Middle school 38 16.1  57 36.7   14 29.1 

High school 131 56.5  37 23.9   16 32.8 

Does it use AI? 
Yes 132 56.5  90 59.2   40 50.1 

No 101 43.5  63 40.8   8 49.9 

Total 233   153   48 

Upon examining Table 1, it is observed that 

the number of female participants is higher 

than that of male participants in the study 

group. Regarding the age distribution of the 

participants, the most prevalent age range is 

between 36 and 45, with a significant 

portion of this group consisting of teachers. 

In terms of educational levels, the majority 

of participants are teachers in high schools 

and kindergartens. Furthermore, more than 

half of the participants reported using 

artificial intelligence applications, 

indicating the increasing adoption of this 

technology in the field of education. 

However, the fact that some participants 

have never used any artificial intelligence 

applications is crucial for obtaining more 

objective data regarding the perceptions of 

school administrators and teachers about 

artificial intelligence. This situation 

provides an opportunity for a more 

comprehensive and balanced analysis of 

artificial intelligence applications by 

reflecting the diverse experiences and 

perspectives of the participants. 

 

Scale Development Process 

Scale development is a process that 

involves defining, classifying and grading 

the qualities to be measured, as well as 

establishing the appropriate methodology 

(Büyüköztürk, 2012). In this context, the 

process was designed by considering the 

steps suggested by DeVellis (2017) in scale 

development processes. Scale development 

processes are given in Figure 1 below. 

 

Figure 1. Scale Development Processes 

The scale development process first started with a clear and explicit definition 
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of the concept to be measured. Following 

this definition, national and international 

literature was extensively reviewed and 

an item pool consisting of 16 items was 

created. In the fourth stage of the 

process, expert opinions were sought and 

a two-stage expert evaluation process 

was meticulously carried out in this 

direction. These expert evaluations are as 

follows: 

• The scale was reduced to 12 

items and reshaped by taking into 

account the evaluations (in terms 

of language and expression, 

spelling rules, clarity and 

comprehensibility, etc.) of three 

different teachers working at 

primary, secondary and high 

school levels who had used 

various artificial intelligence 

applications. 

• In the second stage, based on the 

opinions of 4 expert researchers 

who have scientific research on 

the use of artificial intelligence in 

the field of education, the pre-

application form of the scale was 

reduced to 11 items and 

reorganised. (The experts were 

asked to evaluate each item as 

"Appropriate, Should be 

Corrected, Should be Removed" 

and a special section was added 

to the form for them to write their 

opinions).  

In order to determine the opinions on the 

items in the scale, a 5-point Likert form as 

"Strongly Agree (5)," "Agree (4)," 

"Partially Agree (3)," "Disagree (2)" and 

"Strongly Disagree (1)" was preferred. 

The draft form was made ready for use. 

Data collection 

The data collection process was initiated 

after obtaining ethics committee approval 

and necessary permissions from school 

administrations. The data were collected 

in two different stages and the schools 

were randomly divided into two groups 

for Exploratory Factor Analysis (EFA) 

and Confirmatory Factor Analysis (CFA). 

In the literature, it is stated that it is not 

recommended to conduct both EFA and 

CFA in the same study group (Erkuş, 

2012). This approach aims to prevent data 

integrity and overlaps. In the study, 

written forms were sent to the school 

administrators determined for factor 

analyses by the researcher and the data 

were collected with the voluntary consent 

of the participants. 

Data analysis 

During the Exploratory Factor Analysis 

(EFA) process, descriptive statistics of the 

scale were calculated and the suitability of 

the data to normal distribution was 

evaluated. In addition, visual evaluation of 

the factor structure was made using scree 

plot. Within the scope of validity analyses, 

Kaiser-Meyer-Olkin (KMO) test and 

Bartlett's test results were examined in 

detail to evaluate the suitability of the 

factor structure and the total variance 

explained by the scale. After the EFA was 

completed, Confirmatory Factor Analysis 

(CFA) was conducted to evaluate the 

model fit of the unidimensional structure 

and eight items of the scale. CFA analyses 

were conducted using SPSS AMOS 

software. In order to evaluate the 

reliability of the scale over time, the test-

retest method was used, the scale was 

applied to the same participants twice with 
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a 25-day interval and the results were 

compared. The test-retest correlation 

coefficient was found to be r=0.63, 

indicating that the scale provides 

consistent measurements over time. In 

addition, concurrent (criterion) validity, 

which is an important parameter in 

determining the validity of the scale, was 

examined and detailed findings are 

presented in the results section. 

Findings 

This section presents the results of both 

Exploratory Factor Analysis (EFA) and 

Confirmatory Factor Analysis (CFA) 

conducted on two distinct sample groups. 

Additionally, the reliability of the scale and 

the analysis of each item are discussed to 

evaluate the psychometric properties of the 

scale. 

Exploratory factor analysis 

Exploratory factor analysis (EFA) was 

performed on the data collected from 168 

teachers to determine the structure of the 

scale and to evaluate its construct validity. 

KMO value and Bartlett's Test of Sphericity 

were applied to evaluate the suitability of 

the data for EFA. The related results are 

shown in Table 2. In addition, principal 

component analysis was applied to 

determine the factor structure of the scale 

and Varimax rotation technique was 

preferred for better interpretation of the 

factors. As stated by DeVellis (2017) and 

Field (2018), in order for an item to be 

included in the relevant factor in factor 

analysis, the factor loading must be higher 

than .30. As a result of the exploratory 

factor analysis (EFA) conducted in this 

direction, items with factor loadings below 

.30 were removed from the scale. 

According to the findings of the analysis, 

items 2, 5 and 9 with factor loadings below 

.30 were eliminated from the scale 

respectively. The Scree Plot graph of the 

scale is presented in Figure 2 and the CFA 

results are presented in detail in Table 2. 

Cronbach's Alpha coefficient was 

calculated to determine the internal 

consistency level of the scale and this 

coefficient was found to be .862. This value 

is within the acceptable reliability limits 

recommended by Çokluk, Şekercioğlu, and 

Büyüköztürk (2018) and indicates a 

satisfactory level in terms of the overall 

reliability of the scale. In addition, it was 

determined that the item-total correlation 

coefficients of the scale items ranged 

between .51 and .80. In terms of 

psychometric properties of the 

measurement tool, item-total correlations 

above .20 indicate that the relevant items 

adequately represent the construct they 

measure (Büyüköztürk, 2012; Tabachnick 

& Fidell, 2015). The fact that all scale items 

have a correlation coefficient above .51 

reveals that the items have a high 

discrimination level. In this direction, the 

findings obtained show that the reliability of 

the developed scale is at a high level and 

construct validity is provided. In the final 

stage, the final version of the scale, which 

consists of a single factor and contains a 

total of 8 items, is presented in detail in 

Table 2. 

Table 2. EFA results related to the scale   
Draft scale 

items 
Final scale Factor Loading     Mean   SD  

Explained 

Variance 

Cronbach 

alfa 

Item-1 Item-10 0.801     3.89   .929  
   53.244 0.862 

Item-2* Item-11 0.799     3.63   .958  
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Item-3 Item-8 0.768     3.51    1.07  

Item-4 Item-3 0.732     3.58   .924  

Item-5* Item-7 0.721     3.32   .943  

Item-6 Item-6 0.666     3.61   .890  

Item-7 Item-1 0.651     4.05   .810  

Item-8 Item-4 0.519     3.83   .640 

Item-9*   

  

  
Item-10                     KMO  0.90     
Item-11      Approx. Chi-Square 494,493     

*Removed items        

 

Figure 2. Scree plot 

Upon examining Table 2, a KMO (Kaiser-

Meyer-Olkin) value of 0.901 is obtained. 

According to Kaiser and Rice (1974), KMO 

values of 0.90 and above are considered 

excellent. In this context, the obtained 

KMO value of 0.901, combined with the 

significant result of the Bartlett test (χ² = 

494.493; p < 0.01), indicates that the sample 

size is highly suitable for factor analysis. 

These findings suggest that the data is 

appropriate for factor analysis. 

Furthermore, the unidimensional structure 

of the scale is clearly demonstrated in both 

Figure 2 and Table 2. An important 

parameter in exploratory factor analysis 

(EFA) is the percentage of total variance 

explained by the scale. In this case, the 

explained variance is 53.24%. According to 

Hair et al. (2014), when the explained 

variance ratio is 50% or higher, it is 

considered that the sub-factors adequately 

explain the structure of the scale. In this 

regard, the 53.24% explained variance 

indicates that the factor structure of the 

scale is valid and meaningful. Finally, Table 

3 presents the correlation coefficients of the 

scale items, which serve as an additional 

indicator of the scale's reliability

.  

Table 3. Scale İtems Correlation Coefficient 

 Item-1 Item-3 Item-4 Item-6 Item-7 Item-8 Item-10 Item-11 

Item-1 1 .454** .400** .387** .331** .564** .364** .455** 
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Item-3  1 .361* .451** .441** .455** .536** .489** 

Item-4   1 .335** .330** .327** .416** .391** 

Item-6    1 .514** .433** .385** .429** 

Item-7     1 .489** 429** .477** 

Item-8      1 .518** .533** 

Item-10       1 .669** 

Item-11               1 

**p<0,001.        

Upon examining Table 3, it is observed 

that the item-total correlation coefficients 

of the scale items range from 0.33 to 0.66. 

From a psychometric perspective, item-

total correlation coefficients above 0.20 

indicate that the items adequately represent 

the construct being measured 

(Büyüköztürk, 2012; Tabachnick & Fidell, 

2015). The fact that all items have a 

correlation coefficient greater than 0.33 

suggests that the items possess a high level 

of discriminative power. These results 

support the conclusion that the scale has a 

robust psychometric structure. 

Confirmatory Factor Analysis 

Following the completion of the 

exploratory factor analysis, confirmatory 

factor analysis was conducted using data 

from an independent sample group to 

rigorously assess the validity of the 

identified construct consisting of eight 

items combined under a single latent 

dimension. Confirmatory factor analysis is 

a complex statistical methodology 

designed to validate the construct emerging 

from exploratory factor analysis by 

ensuring that the theoretical constructs 

show a high level of agreement with 

empirical data (Karagöz, 2017). The 

comprehensive results of confirmatory 

factor analysis are shown in Figure 3. 

 
Figure 3. Confirmatory Factor Analysis of 

Scale 

In Figure 3, it was found that all paths 

related to the 8 items forming the scale were 

highly significant at .001 level. The 
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goodness of fit index values obtained from 

the first order confirmatory factor analysis 

are presented in Table 4. In this context, the 

interpretation of the goodness of fit indices 

is based on the reference values suggested 

by Hooper et al. (2008). 

Table 4. Scale fit index values in CFA 

   X2 /sd  GFI  IFI  TLI  CFI  RMSEA  RMR 

Good fit values <5  >0.85  >0.90  >0.90  >0.90  <0.08  <0.08 

Perfect fit values <3 >0.90  >0.95  >0.95  >0.95  <0.05 <0.05 

Scale values 1.87   0.94      0.96   0.95    0.96        0.07   0.03 

Fit level P. fit* P. fit P. fit P. fit    P. fit    G. fit** P. fit 

*Perfect fit   **Good fet 

Table 4 presents the fit indices obtained 

from the first level confirmatory factor 

analysis and indicates that the model has an 

acceptable fit level. In particular, (X²/df = 

1.87, GFI = .945, IFI = .964, TLI = .950, 

CFI = .960, RMSEA = .007, RMR = 0.03) 

values reveal that the model is adequate and 

shows a good fit in confirmatory factor 

analysis. It is observed that these indices 

used to evaluate the fit of the model meet 

the standard criteria for confirmatory factor 

analysis. 

Concurrent Validity  

The concurrent validity (criterion validity) 

of the scale developed to measure school 

administrators' and teachers' perceptions of 

artificial intelligence was evaluated with 

reference to the SHAIP Scale (Shinners et 

al., 2022), which measures health 

professionals' perceptions of artificial 

intelligence. Criterion validity involves 

comparing the performance of a 

measurement with a specified criterion or 

its performance at the same time (Tavşancıl, 

2019). Item means were calculated for both 

scales and Pearson correlation coefficients 

were derived from these means. The 

analysis produced a Pearson correlation 

coefficient of r = 0.74, indicating a 

significant and positive relationship 

between the two scales. This finding 

suggests that the developed scale has strong 

criterion validity and effectively measures 

perceptions of AI, consistent with the 

SHAIP Scale designed for healthcare 

professionals.  

Conclusion  

Education is far beyond a process of 

information transmission; it is a dynamic 

phenomenon that shapes individuals' 

cognitive, emotional, and social 

development. This process continuously 

evolves in parallel with societal needs, 

individual differences, and global changes. 

Technological advancements, particularly 

artificial intelligence (AI) applications, 

have become one of the most significant 

driving forces behind this transformation in 

education. The integration of AI into 

education has the potential to not only 

change methods of knowledge delivery but 

also profoundly transform teaching 

processes. However, the effective use of AI 

in education is directly linked to the 

perceptions and attitudes of educational 

stakeholders toward these technologies. In 

this context, how school administrators and 

teachers perceive AI offers valuable 

insights into how these technologies will be 

incorporated into education. This study 

aims to develop a valid and reliable scale to 

measure school administrators’ and 

teachers’ perceptions of AI applications. To 

this end, a comprehensive pool of items was 
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initially created, and the content validity of 

the items was evaluated through expert 

opinions. Subsequently, Exploratory Factor 

Analysis (EFA) was conducted to 

determine the factor structure of the scale 

and select the items. Confirmatory Factor 

Analysis (CFA) was applied to verify the 

accuracy of the obtained structure. The 

analysis results revealed that the scale has a 

unidimensional structure and consists of 

eight items, demonstrating satisfactory 

psychometric properties in terms of validity 

and reliability. This structure suggests that 

participants' perceptions of AI can be 

assessed within a holistic framework. The 

emergence of a unidimensional structure 

makes it possible to consider that 

perceptions of AI in the school environment 

are shaped by a common perspective. 

Therefore, the findings indicate that this 

scale provides both theoretical and practical 

significance as an important tool for 

assessing the perceptions of educational 

administrators and teachers toward AI. 

 

Discussion 

The findings of this study highlight the 

necessity of conducting an in-depth 

examination of school administrators' and 

teachers' perceptions of artificial 

intelligence (AI) technologies to assess 

their impact on education more 

comprehensively. The role of AI in 

education is increasingly growing, 

contributing significantly to educational 

processes through functions such as 

providing personalized learning 

experiences for students (Tapalova & 

Zhiyenbayeva, 2022; Zavalevskyi et al., 

2024), offering feedback by tracking 

academic performance (Taktak et al., 2024; 

Wongvorachan et al., 2022), and alleviating 

teachers' workloads (Li & Jiang, 2024; 

Roble, 2024; Yang, 2024). However, 

current measurement tools are largely 

limited to technology acceptance 

(Nazaretsky et al., 2022; Wang et al., 2023) 

and general attitudes toward information 

technology, hindering the in-depth 

exploration of AI-specific elements within 

the educational context. This clearly 

indicates the need for a more unique and 

functional scale to understand the critical 

role of school administrators' and teachers' 

perceptions of AI in educational processes. 

The scale developed in this study, 

particularly with its unidimensional 

structure and limited number of items (eight 

items), provides an opportunity to measure 

educators' perceptions of AI in a brief, 

effective, and practical manner, offering 

significant advantages in terms of usability. 

This is especially important because some 

existing scales, with their high number of 

items, create difficulties in application, 

complicating the data collection processes 

for educators (Ferikoglu & Akgun, 2022; 

Wang & Chuang, 2023). In this context, the 

developed scale facilitates a more detailed 

analysis of the pedagogical and managerial 

effects of AI in educational settings while 

also contributing to data-driven decision-

making by policymakers. Additionally, 

identifying educators' awareness, 

expectations, and preparedness regarding 

AI is crucial for the effective and 

sustainable implementation of AI in 

education. In this regard, the results of the 

study demonstrate that scientifically 

measuring school administrators' and 

teachers' perceptions of AI can support 

professional development processes and 

ease their adaptation to AI-supported 

educational environments. This represents a 

significant step in terms of educational 

policies and practices, providing the 

foundation necessary for the successful 
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realization of digital transformation in 

education. 

Limitation and Future Research 

There are several limitations that should be 

taken into consideration by practitioners 

and researchers who intend to use the 

developed scale. 

Firstly, the sample used in this study is not 

representative of the general population. 

The participants consisted of school 

administrators and teachers working in 

Istanbul, Turkey. Since convenience 

sampling was used in the study, the findings 

may not generalise to other populations 

with different demographic characteristics 

or cultural backgrounds. 

Secondly, data collection was conducted 

through printed forms during school visits 

after obtaining general legal permissions. 

Although high data quality was ensured, 

researchers using platforms such as Prolific 

in different countries could improve data 

quality by adding control questions to 

exclude participants who responded 

randomly or did not read the items fully. 

Third, the developed scale was designed to 

measure the perception of AI by educators 

in a specific geography with similar cultural 

characteristics. Future research could adopt 

a cross-sectional research design to 

examine the perception of AI by educators 

in countries with different resources and 

infrastructure and the impact of AI on 

various educational variables. 

Finally, the study focussed only on 

educators' perceptions of AI and did not 

consider other stakeholders such as 

students, parents or policy makers. Future 

studies should take a more comprehensive 

approach to include different perspectives 

and address the effects of AI on education 

from a broader perspective. 
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Teachers’ perception of AI 

I 
to

ta
ll

y
 d

is
a

g
re

e 

I 
d

is
a

g
re

e 

P
a

rt
ia

ll
y

 A
g

re
e 

I 
a

g
re

e 

T
o

ta
ll

y
 A

g
re

e 

I believe that artificial intelligence saves time.           

Artificial intelligence increases teacher efficiency.           

Artificial intelligence applications increase teacher-student communication.           

Artificial intelligence is an effective tool in increasing academic success.           

Artificial intelligence supports classroom management .           

Artificial intelligence will strengthen my communication with younger 

generations.           

Artificial intelligence skills is important for my professional development.           

Artificial intelligence increases students' interest in lessons.           
 


